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Can LLM-based Financial Investing Strategies Outperform the Market in Long Run?





Definition: Timing-based & Selection-Based Strategies



High returns in recent literature are primarily methodological artifacts 
of narrow evaluation

• Usually < 1 year of data

• Usually < 10 cherry-picked stocks (e.g. TSLA, AMZN, MSFT etc.)

High returns in these setups might not accurately indicate model
skills. It might indicate severe evaluation bias.
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Three Biases Trap in Financial Backtesting



The Solution: FINSABER

A comprehensive, bias-mitigated evaluation for LLM investors



Key Finding 1: The “Alpha” Vanishes in Robust Settings

Takeaway — advantages reported on hand-picked symbols do not survive a two-decade horizon; robust judgement needs an unbiased universe.

Advantage fades with horizon

On the same four symbols extended to 2004–2024, 
Buy & Hold ranks among the top on NFLX, AMZN 
and MSFT; LLM investors clearly lead only on TSLA.

Returns come with risk

Even where LLMs win on return, risk is extreme: 
on TSLA, FinAgent reaches AR 59.8% with 41.6% 
volatility and -36.9% drawdown; FinMem's Sharpe 
(0.641) barely surpass B&H (0.630).

Still a biased lens

These are historical bull-market winners —
survivorship bias persists and significance is 
inconsistent across symbols. A broader, unbiased 
universe is needed.



Key Finding 1: The “Alpha” Vanishes in Robust Settings

Statistically validated

Buy & Hold significantly beats both LLM agents in 
every bias-mitigated setup (paired t-test, p ≤ 
0.0117).

No genuine alpha

Neither LLM agent produces statistically significant 
alpha (p > 0.34) — consistent with the Efficient 
Market Hypothesis.

Artefact, not skill

Previously reported gains stem from survivorship 
and look-ahead biases in narrow, selective setups.

Takeaway — LLM-derived alpha is likely a methodological artefact of biased evaluation, not genuine market skill.



Key Finding 2: Regime Misalignment
Average Sharpe ratio by market regime (Composite setup). A year is bull if S&P 500 return ≥ +20%, bear if ≤ −20%, else sideways.

Bull — too conservative

B&H 0.61 · FinMem -0.19 · FinAgent 0.12. 
No active strategy matches passive 
beta — LLMs miss the upside.

Bear — too aggressive

B&H -0.28 · FinMem -0.97 · FinAgent -0.38. 
Inadequate risk control magnifies 
downside losses.

Sideways — no edge

Only ATR Band, Turn of the Month and 
ARIMA stay positive in every regime; 
FinAgent trails rule-based predictors.

Insight — Agents lack regime awareness: they fail to scale exposure down as volatility and drawdown risk rise.



Conclusion & Future Directions



FINSABER has been upgraded to FINSABER V2
The same bias-aware philosophy, re-engineered as an extensible open-source package — bring your own strategies and your own data.



Contributors
The team behind FINSABER — feel free to reach out.

Want to contribute? Issues and PRs are welcome at github.com/waylonli/FINSABER
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FINSABER Resources
Scan or click — everything you need to reproduce, reuse and extend the framework.

Code Documentation

Dataset

github.com/waylonli/
FINSABER

waylonli.github.io/FINSABER

huggingface.co/datasets/finsab
er-team/FINSABER-V2-Data Featured in The Wall Street Journal (Jun 2026).

Follow-up work

Waylon Li, Mengyu Wang, and Tiejun Ma. (2026). Summoning the Oracle to Slay It: Mitigating Look-Ahead Bias in Financial Backtesting with Large Language Models.
https://arxiv.org/abs/2605.24564

https://arxiv.org/abs/2605.24564

	Slide 1
	Slide 2
	Slide 3
	Slide 4
	Slide 5
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13
	Slide 14

